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Racial disparities in life insurance coverage
Timothy F. Harris and Aaron Yelowitz

Department of Economics, University of Kentucky, Gatton School of Business and Economics, Lexington, KY, USA

ABSTRACT
We evaluate the extent to which there are racial disparities in life insurance coverage using
multiple years of the Survey of Income and Program Participation between 2001 and 2010. We
find that African Americans hold significantly more life insurance – especially whole life insurance
– after controlling for other factors. We demonstrate that our findings diverge from prior work
because we examine all households instead of focusing exclusively on married and cohabitating
households. Although earning shocks due to mortality likely contribute to racial disparities in
wealth, the influence is mitigated by the racial composition of life insurance holdings.
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I. Introduction

Median net worth of white households is an order of
magnitude larger than that of black households.1

Large differences in wealth remain even after con-
trolling for confounding factors such as earnings or
family structure (Choudhury 2001; Barsky et al.
2002; Altonji and Doraszelski, 2005). The racial
wealth gap has persisted over time, and the Great
Recession widened it to the highest level in 30 years
(Pfeffer, Danziger, and Schoeni 2013; Kochhar and
Fry 2014). Possible explanations for this wealth gap
include differential saving behaviour, asset composi-
tion and bequests (Smith 1995; Menchik and
Jianakoplos 1997; Choudhury 2001; Even and
Macpherson 2003; Gittleman and Wolff 2004;
Kochhar and Fry 2014; Kuan, Cullen, and Modrek
2015)

Another possible contributing factor for the
black–white wealth gap – one that is ignored in
existing work – is the consequence of black–white
differences in mortality prior to retirement.2 Early
death increases poverty through lost earnings of a
breadwinner and end-of-life expenses (Attanasio and
Hoynes 2000; McGarry and Schoeni 2005). Figure 1
illustrates these stark differences in mortality.3

Approximately 6% of all 50-year-olds die before

age 60. The 10-year mortality rate at age 50 is nearly
70% higher for blacks relative to whites.4 More than
12% of black males die within this age span, double
the rate in the entire population. Similar racial dif-
ferences emerge at both younger and older ages.

Large negative earnings shocks such as early death
can lead households to make financial errors or sub-
optimal choices, which in turn affects subsequent
wealth accumulation (Bertrand, Mullainathan, and
Shafir 2004; Mullainathan and Shafir 2013).
However, the differences in pre-retirement mortality
will not necessarily influence the wealth gap because
households can purchase life insurance to hedge
against a breadwinner’s lost earnings from pre-retire-
ment death. Among households with life insurance,
those experiencing early death would receive a payout,
making them far less likely to make costly financial
choices, such as carrying balances on credit cards,
using payday loans or being unbanked. Although a
voluntary purchase, life insurance ownership is wide-
spread, with 59% of adults having coverage in 2010
(Prudential 2013). Life insurance coverage is more
prevalent where the consequences from death of a
breadwinner are greater. For example, 71% of married
individuals with a child and mortgage have coverage
in comparison to just 27% for individuals who are

CONTACT Aaron Yelowitz aaron@uky.edu
1Net worth for the median white household was approximately $190 000 and $19 000 for the median black household in 2007 as reported in the Survey of
Consumer Finances (Kochhar and Fry 2014).

2Racial differences in mortality are still present after controlling for education (Waldron, 2002).
3Data come from the Centers for Disease Control/National Center for Health Statistics Vital Statistics System in 2009.
4Ten-year mortality rates are 5.7% and 9.5%, respectively, for white and black individuals at age 50.
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single, childless and rent apartments. All else equal, if
black individuals purchase less life insurance coverage
relative to whites, then the wealth gap would be exa-
cerbated by differential mortality risk. Conversely, if
black individuals respond to increased mortality risk
by holding proportionately more life insurance, then
mortality differences should not cause wealth gaps.

The purpose of our study is to explore the existence
of racial gaps in life insurance holdings. Although
several recent empirical studies have analysed
demand for, and adverse selection in, life insurance
(Cawley and Philipson 1999; He 2009; 2011; Harris
and Yelowitz 2014; Hedengren and Stratmann 2016;
Harris 2017), only the work of Bernheim et al. (2003)
and Gutter and Hatcher (2008) examine racial dispa-
rities in life insurance coverage. Douglas et al. (2003)
find that nonwhites are less likely to hedge against the

financial consequences of a spouse’s death through
life insurance.5 Gutter and Hatcher (2008) find no
disparities in life insurance ownership on the exten-
sive margin (whether the household has any life
insurance holdings) and some evidence of disparities
on the intensive margin (face value of coverage). An
important limitation to both studies is that they
restrict attention to married or cohabitating house-
holds/individuals. This type of restriction misses a
significant variation, as family structure drastically
differs across race. In 2010, of those that were ever
married, 19% of whites were divorced in comparison
to 31% of blacks. In addition, blacks were almost
twice as likely as whites to be single parents (i.e.
separated, divorced, widowed or never married with
children).6 Given the family structure differences,
these studies limited a disproportionate amount of
black individuals who would have reason to purchase
life insurance.

In contrast to both studies, we find that blacks
have greater participation in life insurance markets
after controlling for other confounding characteris-
tics. Given the high levels of life insurance coverage,
our basic finding suggests that differential mortality
is less likely to contribute to racial wealth disparities.
Using multiple years of the survey of income and
program participation (SIPP), our preferred specifi-
cation estimates that blacks are 2 percentage points
more likely to hold life insurance, from an overall
baseline coverage rate of roughly 60%. Digging dee-
per, we find that black individuals are much more
likely to hold whole life insurance and slightly less
likely to hold term life coverage. In addition, they
have higher participation in employer-sponsored life
insurance (ESLI). We show that a key reason our life
insurance findings contrast with previous work is
that we include single-headed households, while
existing studies restrict analysis to married and
cohabitating households.

The remainder of the article is organized as fol-
lows: Section II describes the data and structure of
life insurance, Section III presents the empirical
model, Section IV discusses results, Section V recon-
ciles our results with previous studies and Section VI
concludes.
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Figure 1. Mortality rates by race and gender.

5Douglas et al. (2003) use data from the Health and Retirement Survey (HRS), which is limited to individuals aged 51–61 in 1992. Harris and Yelowitz (2014)
demonstrate that life insurance demand varies by age and the need for life insurance coverage diminishes as an individual approaches retirement.
Consequently, findings from the HRS are likely not representative of the relevant population of life insurance purchasers.

6In 2010, 20% and 38% of whites and blacks, respectively, were single parents.
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II. Data

For our primary analysis, we use data from the 2001,
2004 and 2008 panels of the SIPP to examine racial
differences in life insurance holdings. These data
have been used in recent studies on demand for
life insurance (Harris and Yelowitz 2014;
Hedengren and Stratmann 2016; Harris 2017). This
nationally representative longitudinal sample is con-
structed through individual interviews in four-
month intervals known as ‘waves’. Each wave con-
tains responses regarding income, labour force activ-
ity and participation in government assistance
programmes. In addition to the ‘core’ monthly ques-
tions, the survey covers less-frequently asked sub-
jects in ‘topical modules’. The wealth topical
modules contain information on assets and liabilities
including life insurance holdings. The key motiva-
tions for using the SIPP include a broad age cohort,
individual-level responses, large sample sizes and
information on source of life insurance.

We restrict our analysis to white and African
American adults aged 18–64 who provided answers
to life insurance questions.7 The age restriction is
implemented to focus on the group that is the most
likely to elect life insurance coverage. Additionally,
this restriction is meant to include only those of
working-age population, as the primary role of life
insurance is to replace lost earnings of the principal
breadwinner.

To compare our results with those from Gutter
and Hatcher (2008), we apply similar screens to data
from the survey of consumer finances (SCF) for
years 2001, 2004, 2007, 2010 and 2013. The SCF is
a triennial survey sponsored by the Board of
Governors of the Federal Reserve System in coop-
eration with the Statistics of Income Division of the
Internal Revenue Service. The survey collects
detailed information about family finances including
life insurance, income, net worth and credit use in
addition to basic demographics including marital
status and education. The SCF is widely used to
study issues where wealth and financial data are
important, and oversamples high-income individuals
in order to capture the full distribution of wealth

(Kennickell 2008).8 Notwithstanding the prevalence
of SCF in life insurance analysis (e.g. Lin and Grace
2007; Liebenberg, Carson, and Dumm 2012), the
sample is limited to observing participation and
levels of life insurance holdings at the household
level. This is problematic because life insurance is
priced and purchased at the individual level and not
as a household. Thus, it is not possible to conclu-
sively link a life insurance policy to the main bread-
winner versus a secondary earner.

The two data sets directly overlap for calendar
years 2001, 2004 and 2010, which allows for a side-
by-side comparison. We aggregate the SIPP from
the individual level to the household level in
Table 1 to make it comparable with the SCF.
However, in the subsequent regression analysis,
we utilize the individual-level SIPP data to better
link life insurance demand to underlying mortality
risk.9 Table 1 shows that the samples are generally
quite similar with respect to family structure, racial
representation, finances, employment, education
and health. Several important variables are only
available in one of the two data sets; the SIPP
includes specific questions about ESLI and indivi-
dual life insurance, while the SCF asks about risk
aversion and smoking.

As can be seen in this table, life insurance own-
ership is quite common, with roughly 65% of house-
holds having some kind of plan. These levels are very
similar to the findings by life insurance industry
groups (e.g. LIMRA 2013). An important trend
that is prevalent across both data sets is the decline
in life insurance over time. There are 11 and 7
percentage point decreases in life insurance cover-
age, respectively, for the SIPP and SCF samples from
2001 to 2010. Similar declining trends are present for
term, whole, employer-sponsored and individual life
insurance. These declines are consistent with the
industry-level findings that ownership of life insur-
ance is at a 50-year low (Prudential 2013).
Households are far more likely to hold term life
insurance than whole life insurance. In addition,
ESLI is slightly more prevalent than individual life
coverage.

7Following Gruber and Yelowitz (1999), we exclude imputed values for life insurance due to criticism of the SIPP wealth imputation methodology by
researchers (Curtin, Juster, and Morgan 1989; Hoynes, Hurd, and Chand 1998). Dropped imputed observations constitute 21% of the sample.

8Unless noted, we use sample weights for both the SIPP and SCF specifications.
9To aggregate the SIPP to the household level, we use relevant individual information from the head of the household and compile household-level
responses from individuals within a household.
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The SIPP explicitly asks about ESLI and total life
insurance coverage. The difference between total and
ESLI holdings allows us to infer individual life insur-
ance holdings.10 ESLI constitutes a large portion of all
life insurance holdings with 39% of households having
ESLI in 2010. In contrast to other types of life insur-
ance, ESLI is often provided automatically for full-
time workers. The National Compensation Survey
conducted by the Bureau of Labor Statistics reports
that for full-time civilian workers in 2010, 76% had
access to ESLI and 74% participated, leading to a take-
up rate of 97%.11 Take-up is extraordinarily high
because fewer than 10% of workers at firms with
basic life insurance coverage are required to make a
contribution. In the case of death, slightly more than
half of all workers (54%) with ESLI would receive a

benefit payment in a fixed multiple of annual earnings
for their beneficiaries, while almost all the rest would
receive a flat dollar amount (40%). Many policies
provide a flat dollar amount of $50 000 or less because
of the tax exemptions.12 The median payout for a flat-
dollar policy was just $16 000 in 2010 – which might
be thought of as covering funeral expenses and other
short-run costs, and the 90th percentile was $50 000.
Of the employer policies that provide benefits as a
multiple of annual earnings, 58% of workers have a
plan with 1× earnings, and almost all the rest (37%)
have a plan with 1–2× earnings. Consequently, even
though ESLI is quite prevalent, it tends to provide
small amounts of insurance coverage.

In addition to mandatory coverage, ESLI policies
often allow employees to purchase supplemental

Table 1. SCF and SIPP summary statistics: household level.
2001 2004 2010

SIPP SCF SIPP SCF SIPP SCF

Demographics (head)
Age 43.09 42.47 43.52 43.08 44.72 44.21
Male 0.72 0.76 0.72 0.74 0.71 0.76
Female 0.28 0.24 0.28 0.26 0.29 0.24
White 0.86 0.84 0.84 0.83 0.83 0.82
Black 0.14 0.16 0.16 0.17 0.17 0.18

Family
Married 0.54 0.53 0.52 0.51 0.50 0.51
Child 0.47 0.50 0.47 0.51 0.46 0.49

Finances
Employed (head) 0.85 0.84 0.85 0.81 0.80 0.76
Net worth ($1m) 0.16 0.18 0.20 0.15 0.19 0.06
Owns house 0.60 0.67 0.60 0.68 0.59 0.66
Household income ($1k) 4.82 6.43 5.26 6.48 5.57 7.08
Personal income ($1k) 3.35 – 3.68 – 3.84 –

Education (head)
<12th grade 0.09 0.12 0.08 0.09 0.06 0.09
High school grad 0.29 0.30 0.23 0.29 0.23 0.30
Some college 0.32 0.25 0.38 0.26 0.37 0.26
College degree 0.30 0.33 0.31 0.36 0.33 0.35

Health (head)
Good 0.87 0.80 0.87 0.81 0.88 0.78
Poor 0.13 0.20 0.13 0.19 0.12 0.22
Smoke – 0.29 – 0.27 – 0.26

Risk aversion (investments)
No risk – 0.31 – 0.34 – 0.39
Average risk – 0.42 – 0.43 – 0.40
High risk – 0.27 – 0.23 – 0.20

Life insurance (household)
Any 0.69 0.73 0.65 0.70 0.58 0.66
Any term 0.52 0.59 0.50 0.58 0.45 0.55
Any whole 0.36 0.28 0.31 0.25 0.26 0.20
Both 0.15 0.14 0.12 0.13 0.09 0.09
ESLI 0.48 – 0.44 – 0.39 –
Individual life 0.44 – 0.40 – 0.34 –
Observations 14 076 3166 21 065 3163 16 168 4369

Household-level data from SIPP 2001, 2004, 2008 (topical and core files) and from the SCF 2001, 2004, 2010 public files. Household weights are used for both
samples. Income is measured on a monthly basis.

10The individual life insurance variable is subject to some measurement error due to top-coding.
11All figures on the composition of ESLI come from Tables 17, 18, 20 and 21 of the March 2010 National Compensation Survey.
12The IRS provides an exclusion for the first $50 000 of group-term life insurance coverage provider under a policy carried directly or indirectly by an
employer.
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coverage, although evidence suggests that many
employees do not take advantage of this.13 These
policies are typically community rated, meaning
they are priced based on group rather than indivi-
dual characteristics. In contrast, individual life insur-
ance premiums are individually underwritten
consisting of health examinations, blood samples,
family history and assessment of risky behaviour
(although such applications do not ask about race).
Consequently, ESLI policies are relatively better for
employees in worse health as they pay premiums
based on the entire pool of employees. A major
limitation with ESLI is that employees generally

only qualify for the coverage while they are
employed.

Summary statistics presented in Table 2 show
that black individuals have substantially less
monthly income and lower net worth, consistent
with the existing literature. In addition, they are
less likely to have a college education and report
being in worse health. African Americans are less
likely to have life insurance, with an ownership gap
of 10 percentage points. The aforementioned
decrease in life insurance holdings over time is
present for both races. After conditioning on
employment, participation in ESLI is more similar

Table 2. SIPP racial comparison: person level.
2001 2004 2008

White Black White Black White Black

Demographics
Age 40.72 38.25 41.07 38.66 41.80 39.43
Male 0.49 0.43 0.49 0.44 0.49 0.45
Female 0.51 0.57 0.51 0.56 0.51 0.55

Family
Married 0.61 0.37 0.61 0.35 0.57 0.32
Separated/divorced 0.14 0.17 0.14 0.18 0.14 0.16
Widowed 0.02 0.03 0.02 0.03 0.02 0.03
Never married 0.23 0.43 0.24 0.44 0.27 0.49
Unmarried partnera 0.06 0.05 0.06 0.06 0.06 0.06
Child 0.54 0.62 0.54 0.60 0.54 0.59
Child and married 0.37 0.25 0.37 0.24 0.34 0.21
Child and partner 0.01 0.01 0.01 0.02 0.01 0.02
Child and never married 0.11 0.27 0.12 0.27 0.14 0.29
Child and separated/divorced 0.05 0.08 0.05 0.08 0.05 0.08
Child and widowed 0.01 0.01 0.01 0.01 0.01 0.01

Finances
Employed 0.79 0.69 0.80 0.72 0.75 0.64
Net worth ($1m) 0.20 0.05 0.26 0.07 0.25 0.07
Owns house 0.58 0.31 0.59 0.32 0.56 0.29
Household income ($1k) 5.55 3.65 6.20 3.85 6.71 4.09
Personal income ($1k) 2.62 1.72 2.90 1.91 3.09 2.02

Education
<12th grade 0.08 0.19 0.07 0.14 0.06 0.12
High school grad 0.30 0.36 0.25 0.30 0.24 0.30
Some college 0.33 0.31 0.38 0.40 0.37 0.41
College degree 0.29 0.13 0.30 0.15 0.33 0.17

Health
Good health 0.89 0.81 0.90 0.82 0.90 0.85
Poor health 0.11 0.19 0.10 0.18 0.10 0.15

Life insurance
Any 0.57 0.45 0.55 0.45 0.48 0.37
Any term 0.40 0.28 0.40 0.28 0.36 0.23
Any whole 0.27 0.25 0.23 0.22 0.19 0.18
Both term and whole 0.10 0.07 0.08 0.05 0.07 0.04
ESLI 0.32 0.25 0.29 0.24 0.25 0.18
ESLI given employed 0.40 0.37 0.36 0.34 0.34 0.28
Individual life 0.42 0.31 0.39 0.31 0.32 0.25
Face value 79.20 42.17 – – – –
Observations 23 081 3766 34 865 5503 26 570 4594

Individual-level data from the SIPP topical and core files for the 2001, 2004 and 2008 panels. Income is measured on a monthly basis. Individual sample
weights were used in computing statistics.

aIndividuals who live with an unmarried partner still fall under the categories of married, separated/divorced, widowed and never married.

13Using payroll data, Harris and Yelowitz (2017) find that the median employee at a large university had 1× salary in ESLI; the modal worker did not elect any
supplemental ESLI.
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across races, but blacks are still less likely to hold
life insurance.

There are also differences in coverage based on
insurance type. The two most common forms of life
insurance are term and whole.14 Term life insurance
covers an individual for a specified period (i.e. a 10-
year term policy) and payment only occurs in the
case of death. Whole life insurance policies are guar-
anteed for the life of the policyholder conditional on
premium payment and have a ‘cash value’ which can
be accessed through termination of the contract. The
racial disparity exists for term life insurance with
mean participation of 36% and 23% for whites and
blacks, respectively, in the last sample year. This gap
is much smaller for whole life insurance with a 1
percentage point difference in whole life insurance
coverage.

Finally, Table 2 illustrates some of the differences
in family structure. Whites are more likely to marry,
less likely to separate and less likely to divorce con-
ditional on ever being married. Blacks are more
likely to have a child but less likely to be married
with a child. In 2010, black individuals were twice as
likely to have never been married and have a child
relative to white individuals. These differences in
family composition could greatly influence the
need and desire for life insurance holdings.

III. Demand determinants and empirical model

One of the major roles of insurance is to mitigate a
drop in family consumption due to premature death.
The existence of a dependent family member such as
a spouse or child should increase demand for life
insurance (Inkmann and Michaelides 2012). One
would expect, ceteris paribus, that a single parent
would have an increased demand for life insurance
relative to a married individual because of the lack of
a provider in the case of early death.15 Therefore, the
aforementioned exclusion of single-headed house-
holds by previous work has the potential to affect
the analysis. The desire to leave a bequest or the
emphasis that the individual places on surviving
dependents’ well-being also directly influences both
life insurance participation and coverage amounts.

The canonical expected utility model shows that
with actuarially fair pricing and risk-averse indivi-
duals, everybody with dependents should purchase
insurance. A majority of the population has some
form of life insurance coverage, but this is far from
the theoretical prediction of full participation for
individuals with dependents. Individuals may devi-
ate from the predictions of the rational frictionless
environment and fail to purchase life insurance due
to fixed costs, which vary greatly based on type. For
example, term life insurance is associated with
extensive underwriting whereas ESLI has much
lower fixed costs. These fixed costs are less of a
concern for large coverage amounts or longer
terms. All else equal, as the fixed costs increase,
individuals are less likely to buy life insurance.

Various psychological frictions or costs exist that
cause deviations from the frictionless rational model
as well. Implicit costs due to the difficulty of evalu-
ating the relative advantages for the various types of
insurance can decrease coverage (Iyengar,
Huberman, and Jiang 2004; Bikker and Van
Leuvensteijn, 2008; Handel 2013; Handel and
Kolstad 2015). Furthermore, the psychological cost
of thinking about death decreases the likelihood of
purchasing life insurance (Kopczuk and Slemrod
2005). Price misconceptions can also influence the
participation rate. A recent study found that 80% of
Americans misjudged the cost of life insurance
(LIMRA 2015). These misconceptions likely decrease
life insurance participation.

Another consideration for life insurance partici-
pation is heterogeneity in health. Life insurance
companies may reject individuals in poor health to
avoid potential losses (Hendren 2013). This type of
rejection is more relevant for individual term poli-
cies due to underwriting. In addition, individuals in
the best health may not purchase insurance due to
adverse selection and actuarially unfair premiums
(Akerlof 1970).

The factors that influence life insurance coverage
could vary by race. Equation 1 presents a linear
probability model used to test the influence of race
on life insurance participation:

Li ¼ β0 þ β1Blacki þ β2Xi þ εi (1)

14Other life insurance policies that also incorporate investment motives include universal life insurance and variable life insurance.
15Additional earners in the household can be an imperfect form of self-insurance. The same might be true for individuals with larger families or extended
networks. See Ehrlich and Becker (1972) and Dehejia, DeLeire, and Luttmer (2007).
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where Blacki is an indicator variable that the indivi-
dual was African American, Xi represents a vector of
covariates including age, gender, marital status, chil-
dren, income, net worth, education, home owner-
ship, mortgage, employment, industry and health
following work reviewed by Liebenberg, Carson,
and Dumm (2012). Li is an indicator variable that
represents having any, term, whole, ESLI or indivi-
dual life insurance depending on the specification. In
addition, we use OLS and Tobit analysis to estimate
the effect of race on the face value of life insurance.

IV. Results

We first run bivariate regressions to formally mea-
sure the relationship between life insurance and
race.16 Table 3 shows that β1 is negative and statis-
tically significant for participation in all of the dif-
ferent types of life insurance. In particular, black
individuals are approximately 11.4 percentage points
less likely to hold any life insurance relative to white
individuals. This negative coefficient is present for
all specifications but with varying magnitudes.

Table 4 presents the findings of the full model.
After controlling for covariates, black individuals are
significantly more likely – by 2 percentage points –
to hold life insurance, which is distinct from pre-
vious work that found no racial difference.

The model for whole life insurance further shows
that blacks are 4 percentage points more likely to
have coverage. Whole life insurance coverage –
which does not have a fixed length – is increasing
with age. An important difference in the

specification with whole life insurance is that having
a college degree does not increase coverage.

The racial gap in term life insurance changes from
a large negative (12.5 percentage points) to small
negative effect (2.0 percentage points) after including
covariates. This small negative finding could par-
tially be due to the inability in the data to completely
characterize health, which is explicitly incorporated
into term life insurance underwriting. In contrast to
whole life insurance coverage (where there is not an
effect), individuals with a college degree are 8 per-
centage points more likely to purchase term cover-
age than those that just graduated high school.

In both regressions for term and whole life insur-
ance, we find consistent results for a number of
covariates. As theory would suggest and consistent
with previous findings, the presence of a spouse or
child increases the likelihood of having life insurance
(Jappelli and Pistaferri 2003; Inkmann and
Michaelides 2012). An unmarried partner negatively
influences life insurance holdings. Additionally,
individuals who are in good health are more likely
to have life insurance possibly due to screening/
underwriting from insurance companies or advanta-
geous selection (Finkelstein and McGarry 2006). In
addition, homeowners are significantly more likely
to have life insurance, and having a mortgage
increases demand for coverage (Gutter and Hatcher
2008).17 Both employment and income additionally
have a positive effect, while net worth has a small
negative or insignificant effect. Males are more likely
to have life insurance across all specifications
(Gandolfi and Miners 1996).

In addition, Table 4 presents the results for ESLI
and individual life insurance. For both sources,
blacks are more likely to have life insurance. The
main difference between the two is that being mar-
ried and having a child does not increase coverage in
ESLI whereas they both are significant factors for
individual market coverage. This finding is likely
due to automatic coverage given by an employer
and virtually complete take-up.

How do these different types of life insurance hold-
ings compare as hedges against the financial conse-
quences of mortality risk? The first delineation is

Table 3. SIPP analysis: person level.
Dependent
variable

Any life
insurance Term life Whole life ESLI

Individual
market

Black −0.114*** −0.125*** −0.015*** −0.060*** −0.087***
(0.006) (0.005) (0.005) (0.005) (0.005)

All specifications use the SIPP. There are 98 379 observations for each
specification. Individual-level weights are applied. Dependent variable
‘Individual market’ indicates have life insurance holdings through the
individual market (not ESLI). The sample is restricted to individuals who
are either black or white and between age 18 and 64. SEs are shown in
parenthesis and clustered at the household level. ***p<0.01. The house-
hold level regression (51 879 observations) yielded the following coeffi-
cients (SEs) for black: any life insurance −0.140 (0.007), whole −0.032
(0.006), term −0.163 (0.006).

16Results from a Probit regression yield similar results.
17When a household applies for a mortgage, they may be offered credit insurance, which protects the loan on the chance that the applicant cannot make
payments. Such insurance is usually optional. Credit life insurance pays off all or some of the loan if the applicant dies. See https://www.consumer.ftc.gov/
articles/0110-credit-insurance.
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between ESLI and individual life insurance holdings.
ESLI is conditional on employment and consequently
is a less-complete hedge in comparison to individual
life insurance, which is only contingent on premium
payments.18 Overall, there are high levels of mobility
in the workforce with a median tenure of only
4.3 years in 2016 (Bureau of Labor Statistics, U.S.
Department of Labor 2016). Therefore, even though
individuals have ESLI coverage, it is likely not a long-
term hedge on average against mortality risk.
Nonetheless, black individuals are more likely to hold
both ESLI and individual coverage relative to whites.

Focusing on the different types of individual life
insurance, term life insurance, by definition, is lim-
ited to a specified time horizon whereas whole life
insurance does not have an end date. Nonetheless,
many policies lapse due to nonpayment of premiums
or termination of the contract. In a study of life
insurance persistence from 2007 to 2009, the annual
lapse rates were 3.1% and 6.9% annually for whole
and term life insurance policies, respectively (Society
of Actuaries and LIMRA, 2012). Therefore, holding
all else equal, whole life insurance – of which blacks
are 4 percentage points more likely to have than

Table 4. SIPP analysis: person level.
Dependent variable Any life insurance Term life Whole life ESLI Individual market

Black 0.017*** −0.020*** 0.044*** 0.011*** 0.014***
(0.005) (0.005) (0.005) (0.004) (0.005)

Age 25–39 0.034*** 0.029*** 0.005 0.064*** −0.020***
(0.007) (0.006) (0.005) (0.006) (0.006)

Age 30–34 0.084*** 0.072*** 0.020*** 0.103*** 0.013**
(0.007) (0.007) (0.006) (0.006) (0.007)

Age 35–39 0.126*** 0.101*** 0.041*** 0.114*** 0.055***
(0.007) (0.007) (0.006) (0.006) (0.007)

Age 40–44 0.144*** 0.114*** 0.057*** 0.121*** 0.083***
(0.007) (0.007) (0.006) (0.006) (0.007)

Age 45–49 0.165*** 0.124*** 0.076*** 0.133*** 0.097***
(0.007) (0.007) (0.006) (0.006) (0.007)

Age 50–54 0.183*** 0.121*** 0.093*** 0.125*** 0.123***
(0.007) (0.007) (0.006) (0.006) (0.007)

Age 55–59 0.210*** 0.117*** 0.133*** 0.106*** 0.163***
(0.008) (0.008) (0.007) (0.006) (0.008)

Age 60–64 0.239*** 0.103*** 0.174*** 0.052*** 0.216***
(0.008) (0.008) (0.008) (0.006) (0.008)

<12th grade −0.090*** −0.059*** −0.050*** −0.031*** −0.073***
(0.006) (0.005) (0.005) (0.004) (0.006)

Some college 0.037*** 0.037*** 0.008** 0.011*** 0.033***
(0.004) (0.004) (0.004) (0.003) (0.004)

College degree 0.061*** 0.082*** −0.001 0.025*** 0.049***
(0.005) (0.005) (0.005) (0.004) (0.005)
0.026*** 0.023*** 0.021*** 0.032*** 0.022***

Male (0.003) (0.003) (0.003) (0.003) (0.003)
0.082*** 0.068*** 0.033*** 0.001 0.090***

Married (0.004) (0.004) (0.004) (0.004) (0.004)
0.037*** 0.037*** 0.008** 0.011*** 0.033***

Unmarried partner −0.031*** −0.014* −0.016** −0.000 −0.037***
(0.008) (0.008) (0.007) (0.007) (0.007)

Child 0.029*** 0.023*** 0.016*** −0.016*** 0.053***
(0.004) (0.004) (0.004) (0.003) (0.004)

Good health 0.059*** 0.045*** 0.030*** 0.033*** 0.046***
(0.005) (0.005) (0.005) (0.004) (0.005)

Net worth ($1m) −0.003*** −0.005*** 0.001 −0.006*** 0.001
(0.001) (0.001) (0.002) (0.002) (0.002)

Owns house 0.120*** 0.077*** 0.077*** 0.049*** 0.108***
(0.006) (0.005) (0.005) (0.004) (0.006)

Mortgage 0.073*** 0.072*** 0.011** 0.033*** 0.056***
(0.005) (0.005) (0.004) (0.004) (0.005)

Employed 0.111*** 0.090*** 0.041*** 0.124*** 0.020***
(0.006) (0.006) (0.005) (0.005) (0.006)

Personal income ($1k) 0.017*** 0.016*** 0.007*** 0.021*** 0.007***
(0.001) (0.001) (0.001) (0.001) (0.001)

There are 98 379 observations for each specification. Individual-level weights are applied. Dependent variable ‘Individual market’ indicates having life
insurance holdings through the individual market. The sample is restricted to individuals who are either black or white and between age 18 and 64. Year
and industry fixed effects are included but not reported. SEs are shown in parenthesis and clustered at the household level. ���p<0.01, ��p<0.05, �p<0.1.

18Portability and convertibility clauses in ESLI policies allow some individuals to keep ESLI policies after they leave their employment; however, they either
change the type of coverage and/or significantly increase premiums paid.
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whites – could be considered a more complete hedge
against the financial consequences of early mortality
even after considering lapse rates.

To gauge the influence of each individual covariate
on the transformation of the racial gap from negative
to positive, we implement a technique prescribed by
Gelbach (2016). His work shows that the traditional
practice of sequentially adding covariates to a model to
observe the influence on the coefficient of interest leads
to ambiguous results that are ‘sequence-sensitive’. For
example, the change in the racial gap by adding educa-
tion as a covariate differs depending on the order it is
added to the model. If we added education variables
first then the observed change in the racial gap would
be different than if we added family structure first and
then added education. This result is due to the correla-
tion between education and family structure. In order
to create a ‘path-independent’ explanation of the influ-
ence of each covariate, Gelbach prescribes omitted
variable bias equations to gauge the contribution of
each covariate. Essentially, we estimate omitted vari-
able bias on the coefficient of interest (in this case β1)
from the exclusion of each control one at a time from
the full model. The influence of each covariate is there-
fore a function of the correlation between the covariate
and black in addition to the covariate’s coefficient in
the full specification. For example, net worth is highly
correlated with race, but it is not a major determining

factor in life insurance coverage and therefore does not
exhibit a large influence in the transformation of the
black coefficient from negative to positive.

Table 5 shows the Gelbach decomposition for the
SIPP analysis following the format presented by Grove,
Hussey, and Jetter (2011). In the specification for hav-
ing any life insurance, home ownership and having a
mortgage account for almost 35% of the change in the
racial gap (β1). Risk of foreclosure, for surviving house-
hold members, in conjunction with the negative corre-
lation between homeownership and being black causes
the inclusion of homeownership/mortgage to greatly
influence β1. The influence of being married explains
16%, level of education explains 13%, income explains
13% and employment explains 10% of the change in
the black coefficient from negative 11 percentage
points to positive 2 percentage points. For the decom-
position for term, education explains relatively more
(16%) and for whole life insurance owning a home
accounts for an even greater portion (34%). For ESLI,
employment and proxies for type of employment (per-
sonal income, industry and education) account for
65% of the change in the negative 6 percentage point
bivariate result to the positive 1 percentage point racial
gap for ESLI.

In order to better understand possible racial dis-
parities, we also present results on the intensive
margin – the face value – of such life insurance

Table 5. Gelbach decomposition of black/white gap in life insurance participation: explained contributions of covariates SIPP.
Any life insurance Term Whole ESLI Individual market

Variable
(group) Contribution

Percentage
of gap Contribution

Percentage
of gap Contribution

Percentage
of gap Contribution

Percentage
of gap Contribution

Percentage
of gap

Age 0.009 7.2 0.005 4.9 0.006 10.2 0.004 5.3 0.008 8.0
Education 0.017 12.7 0.017 16.4 0.004 6.8 0.006 8.9 0.013 13.4
Male 0.002 1.3 0.001 1.4 0.001 2.3 0.002 2.9 0.001 1.4
Married 0.021 15.9 0.017 16.6 0.008 14.0 0.000 0.3 0.023 22.8
Unmarried
partner

−0.000 −0.1 −0.000 −0.1 −0.000 −0.1 −0.000 −0.0 −0.000 −0.1

Child −0.002 −1.4 −0.001 −1.4 −0.001 −1.7 0.001 1.4 −0.003 −3.3
Good
health

0.005 3.6 0.004 3.4 0.002 4.0 0.003 3.7 0.004 3.7

Net worth
($1m)

−0.001 −0.4 −0.001 −0.7 0.000 0.3 −0.001 −1.3 0.000 0.1

Owns
house

0.031 24.0 0.020 19.3 0.020 33.7 0.013 18.0 0.028 28.0

Mortgage 0.016 12.1 0.016 15.1 0.002 4.0% 0.007 9.9 0.012 12.2
Employed 0.013 9.6 0.010 9.7 0.005 7.8% 0.014 19.5 0.002 2.3
Personal
income
($1k)

0.017 13.0 0.016 15.5 0.007 12.0% 0.021 29.8 0.008 7.5

Year effects 0.001 0.9 0.001 0.6 0.001 1.3 0.000 0.6 0.001 1.1
Industry 0.002 1.3 0.001 1.4 0.000 0.4 0.005 6.5 −0.001 −1.0

Numbers reported reflect the influence of each covariate in the change of the black coefficient from the bivariate to the full controls specification. The sum
of an individual column will fully describe the black coefficient change from the bivariate case (Table 3) to the specification with full controls (Table 4).
Each specification includes all variables from Table 4 and has 98 379 observations.

102 T. F. HARRIS AND A. YELOWITZ

D
ow

nl
oa

de
d 

by
 [

12
8.

16
3.

23
8.

23
9]

 a
t 0

4:
13

 1
0 

N
ov

em
be

r 
20

17
 



policies. We only observe the face value in 2001 for
the SIPP due to a change in survey questions in later
years. Table 6 shows that after controlling for cov-
ariates there is no statistically significant difference
between races. Due to the inclusion of many zero
values, we further test the analysis using a Tobit,
which gives results consistent with OLS.

A possible limitation with the econometric specifi-
cation is the assumption that the explanatory variables
influence the decision to have life insurance the same

for black and white individuals. To relax this assump-
tion, we apply the Oaxaca–Blinder (OB) decomposi-
tion which uses estimates from separate regressions for
the two groups (Blinder 1973; Oaxaca 1973). Life
insurance ownership is estimated for each race given
by the following specification:

Lir ¼ Xirβr þ �ir (2)

where Lir is an indicator of having life insurance for
individual i of race r. Xir contains the same covari-
ates described for Equation 1. To decompose the
racial life insurance gap, OB decomposition takes
the difference between the two models to yield the
following expression.

EðLWÞ � EðLBÞ ¼ ½EðXWÞ � EðXBÞ�0β̂B
þ EðXWÞ0ðβ̂W � β̂BÞ (3)

where the subscripts W and B; respectively, indi-
cate covariates or estimated coefficients from the
white and black specifications. The first term cap-
tures the explained differences in the outcome
variable due to differences in the underlying cov-
ariates. The second term is the unexplained por-
tion due to differences in the two groups analysed.
The decomposition in Equation 3 describes the
outcome for black individuals if they had the
same characteristics and return to characteristics
as white individuals. However, the results change
if the decomposition is written from the viewpoint
of whites rather than blacks. To address this con-
cern, various weighting schemes have been pro-
posed in the literature (e.g. Reimers 1983; Cotton
1988). Following Grove, Hussey, and Jetter (2011),
we report the outcomes from three weighting
schemes including placing all the weight on whites,
placing all the weight on blacks or using coeffi-
cients from a pooled estimation as described by
Neumark (1988) and Chevalier (2007).

Table 7 contains the OB decomposition for the
outcome variable of having any life insurance
coverage.19 Focusing on the top panel, the overall
unexplained portion from the decomposition using
the pooled coefficients is the same as coefficient on
Black in the first column of Table 4 as expected. The
unexplained differences change slightly using the coef-
ficients estimated from separate regressions for black
and white individuals, but the overall finding that

Table 6. Intensive-level analysis (dependent variable: face
value).

(1) (2) (3) (4)

Black −37.025*** 0.403 −75.084*** 0.320
(2.378) (2.094) (5.333) (4.384)

Age 25–39 −4.331 20.124***
(2.979) (6.778)

Age 30–34 20.462*** 67.782***
(4.039) (7.343)

Age 35–39 18.308*** 72.528***
(3.193) (6.355)

Age 40–44 16.900*** 73.559***
(3.238) (6.242)

Age 45–49 8.600*** 66.864***
(3.154) (6.219)

Age 50–54 0.813 62.691***
(3.355) (6.514)

Age 55–59 −2.323 68.648***
(3.542) (6.951)

Age 60–64 −13.563*** 61.720***
(3.488) (7.363)

<12th grade −6.387*** −44.893***
(1.661) (4.874)

Some college 11.108*** 21.715***
(1.805) (3.261)

College degree 51.865*** 70.426***
(3.260) (4.610)

Male 29.126*** 42.740***
(1.747) (2.819)

Married 28.084*** 48.467***
(1.885) (3.431)

Unmarried partner 12.941*** −0.975
(3.569) (7.827)

Child 24.821*** 31.604***
(1.995) (3.319)

Good health 6.369*** 29.795***
(2.002) (4.548)

Net worth ($1m) 1.109 0.493
(1.608) (1.716)

Owns house 20.541*** 44.218***
(2.417) (4.378)

Mortgage 10.785*** 29.503***
(2.011) (3.711)

Employed 3.150 46.841***
(3.315) (5.425)

Personal income
($1k)

15.481*** 18.200***

(0.808) (0.920)
Model OLS OLS Tobit Tobit
Controls N Y N Y

There were 26 847 in each regression. ���p<0.01. Regressions use indivi-
dual sample weights and SEs are clustered at the household level.
Controls also include year and industry-fixed effects.

19The results come from an implementation of the ‘oaxaca’ command in Stata (Jann 2008).
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black individuals have more life insurance coverage –
after taking into account the differences in covariates –
remains unchanged. The second panel contains the
results from a detailed OB decomposition and consis-
tent with the Gelbach decomposition results indicates
that the major contributors to the raw differences are
home ownership, mortgage, marriage, education and
personal income. Table 8 shows that the OB decom-
position yield similar qualitative results as the esti-
mates presented earlier for the various types of life
insurance coverage. Overall, although the magnitudes
are slightly different and the previous results, the
interpretations are consistent with the results from
using Gelbach decomposition.

V. Reconciling results

Our findings that black individuals are more likely to
purchase life insurance diverge from the findings of
Gutter and Hatcher (2008) and Douglas et al. (2003)
who find either no disparities or that black indivi-
duals have less life insurance coverage. In order to

reconcile our results, we restrict our SIPP sample to
married/cohabitating individuals in the first panel of
Table 9, while including covariates from Table 4.
The first row illustrates that when we restrict the
sample to only married/cohabitating individuals, we
find no statistical difference between the races in
coverage, consistent with the extensive margin find-
ings of Gutter and Hatcher (2008). The different
columns illustrate that this coverage result is robust
to the inclusion or exclusion of sample weights, and
to each calendar year. Thus, a major difference in
our extensive margin results comes from analysing
the full sample of individuals rather than restricting
our analysis to married/cohabitating individuals.
When we look at the intensive margin (face value),
we find that the restriction to married/cohabitating
individuals causes the coefficient on black to change
from an insignificant number (see Table 6) to a
statistically significant negative coefficient from the
Tobit analysis. Once again, this restricted sample
gives us the same qualitative finding as Gutter and
Hatcher (2008).

Table 7. Oaxaca–Blinder decomposition, dependent variable: has life insurance.
Using pooled Using black Using white
coefficients coefficients coefficients

Contribution Percentage of gap Contribution Percentage of gap Contribution Percentage of gap

Overall
Explained 0.131*** 0.137*** 0.133***
Unexplained −0.017*** −0.023*** −0.019***

Detailed decomposition
Age 0.013*** 11.9 0.013*** 11.4 0.014*** 11.9
Education 0.015*** 13.5 0.014*** 12.2 0.016*** 13.8
Male 0.001*** 1.0 −0.001** −0.8 0.002*** 1.4
Married 0.021*** 18.1 0.011*** 9.6 0.023*** 19.8
Unmarried partner −0.000 −0.1 0.000 0.0 −0.000 −0.1
Child −0.002*** −1.7 −0.001 −0.9 −0.002*** −1.7
Good health 0.004*** 3.5 0.002*** 1.9 0.004*** 3.8
Net worth −0.001*** −0.5 0.011** 9.4 −0.001*** −0.5
Owns home 0.032*** 28.5 0.026*** 22.6 0.032*** 28.2
Mortgage 0.016*** 14.0 0.015*** 13.2 0.016*** 14.0
Employed 0.011*** 9.9 0.013*** 11.6 0.011*** 9.6
Personal income 0.016*** 14.4 0.031*** 27.2 0.015*** 13.4
Year effects 0.002*** 2.1 0.002*** 2.2 0.002*** 2.1
Industry 0.001 0.7 0.001 0.9 0.001 0.6

Numbers reported reflect the net explained contribution of each variable (or variable group) to the raw life insurance gap originating from differences in
covariates for black and white individuals. The sum of the contributions from the bottom panel will equal the overall explained contribution amount.
Statistical significance given by ���p<0.01, ��p<0.05.

Table 8. Oaxaca–Blinder decomposition, life insurance type.

Dependent variable Term Whole ESLI Individual

Coefficients from Black White Black White Black White Black White

Overall
Explained 0.102*** 0.107*** 0.070*** 0.059*** 0.075*** 0.071*** 0.106*** 0.103***
Unexplained 0.023*** 0.017*** −0.055*** −0.044*** −0.014** −0.011*** −0.019** −0.017***

Numbers reported reflect the Oaxaca–Blinder decomposition using different weighting schemes that place all the weight on either coefficients from the
black or white regression specification. Statistical significance given by ���p<0.01, ��p<0.05.
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The second panel of Table 9 shows parallel results
from the SCF once again restricted to married/coha-
bitating households. The first column of results
shows that even with the restricted married/cohabi-
tating sample, we find that blacks are more likely to
hold life insurance when we look at all years.
However, when we isolate our analysis to 2004 SCF
– thus using a sample similar to Gutter and Hatcher
(2008) – we replicate their finding of no difference
across race in life insurance coverage. However, the
remaining columns show that the finding is sensitive
to sample weights and the particular year of analysis.

Differences between the SIPP and SCF results
could be due to differences in sample sizes, level of
analysis (individual versus household) or the high
proportion of wealthy individuals sampled in the
SCF. Overall, we are more confident in our findings
from the SIPP due to the individual level, insensitiv-
ity to weights and the larger sample sizes.

VI. Conclusion

Using the SIPP across multiple years, we analyse racial
disparities in life insurance coverage. We find, con-
trary to previous literature, that black individuals are
more likely to hold life insurance policies after con-
trolling for education, family structure and other
important confounding factors. Previous studies have
excluded households headed by a single individual –
which make up more than half of black households –
which matters for the findings. We also analyse the
types of insurance held by race. Black individuals are

more likely to hold whole and ESLI policies and only
slightly less likely to hold term life insurance.

Many studies have found significant racial dispa-
rities in wealth. A possible reason for this racial gap
in wealth is differential mortality risk. Mortality
differences can contribute to wealth gaps through
two key mechanisms. First, higher mortality alters
the time horizon to enjoy the return from invest-
ments, including financial, human capital and health
investments. Second, a nontrivial fraction of house-
holds will suffer earnings shocks due to the death of
a breadwinner, which could lead to costly financial
choices. With life insurance coverage, this risk can
be mitigated. Our results on life insurance coverage
suggest that mortality differences, at least due to the
second mechanism, should be mitigated due to
greater life insurance for African Americans.
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